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Spam blogs or splogs are blogs hosting spam posts, created using machine generated or hijacked content for
the sole purpose of hosting advertisements or raising the number of in-links of target sites. It has been shown
that splogs can be detected based on similarity of HTML structures and affiliate IDs. The similarity of HTML
structures of splogs is effective in splog detection, and the identity of affiliate IDs extracted from splogs can identify
spammers much more directly than similarity of HTML structures, although it is not easy to achieve high coverage
in extracting affiliate IDs. The coverage of the intersection of the two clues, similarity of HTML structures and
affiliate IDs, is relatively low, and it is necessary to apply them in a complementary strategy. This paper studies
how to detect splogs which cannot be detected based on either similarity of HT'ML structures nor affiliate IDs. We
apply SVMs to this task and show that splogs of above type can be detected with high precision.
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